Preface

Nonparametric regression methods for longitudinal data analysis have been a pop-
ular statistical research topic since the late 1990s. The needs of longitudinal data
analysis from biomedical research and other scientific areas along with the recog-
nition of the limitation of parametric models in practical data analysis have driven
the development of more innovative nonparametric regression methods. Because of
the flexibility in the form of regression models, nonparametric modeling approaches
can play an important role in exploring longitudinal data, just as they have done
for independent cross-sectional data analysis. Mixed-effects models are powerful
tools for longitudinal data analysis. Linear mixed-effects models, nonlinear mixed-
effects models and generalized linear mixed-effects models have been well developed
to model longitudinal data, in particular, for modeling the correlations and within-
subject/between-subject variations of longitudinal data. The purpose of this book
is to survey the nonparametric regression techniques for longitudinal data analysis
which are widely scattered throughout the literature, and more importantly, to sys-
tematically investigate the incorporation of mixed-effects modeling techniques into
various nonparametric regression models.

The focus of this book is on modeling ideas and inference methodologies, al-
though we also present some theoretical results for the justification of the proposed
methods. The data analysis examples from biomedical research are used to illustrate
the methodologies throughout the book. We regard the application of the statistical
modeling technologies to practical scientific problems as important. In this book, we
mainly concentrate on the major nonparametric regression and smoothing methods
including local polynomial, regression spline, smoothing spline and penalized spline
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approaches. Linear and nonlinear mixed-effects models are incorporated in these
smoothing methods to deal with continuous longitudinal data, and generalized linear
and additive mixed-effects models are coupled with these nonparametric modeling
techniques to handle discrete longitudinal data. Nonparametric models as well as
semiparametric and time varying coefficient models are carefully investigated.

Chapter 1 provides a brief overview of the book chapters, and in particular, presents
data examples from biomedical research studies which have motivated the use of non-
parametric regression analysis approaches. Chapters 2 and 3 review mixed-effects
models and nonparametric regression methods, the two important building blocks
of the proposed modeling techniques. Chapters 4~7 present the core contents of
this book with each chapter covering one of the four major nonparametric regression
methods including local polynomial, regression spline, smoothing spline and penal-
ized spline. Chapters 8 and 9 extend the modeling techniques in Chapters 4~7 to
semiparametric and time varying coefficient models for longitudinal data analysis.
The last chapter, Chapter 10, covers discrete longitudinal data modeling and analysis.

Most of the contents of this book should be comprehensible to readers with some
basic statistical training. Advanced mathematics and technical skills are not necessary
for understanding the key modeling ideas and for applying the analysis methods to
practical data analysis. The materials in Chapters 1~7 can be used in a lower or
medium level graduate course in statistics or biostatistics. Chapters 8~10 can be
used in a higher level graduate course or as reference materials for those who intend
to do research in this area.
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